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Abstract:

Strategic management is defined as a set of analyses, decisions, and actions
that an organization undertakes to create and sustain a competitive advantage.
Competitive advantage refers to the superiority that one organization gains over
others by delivering greater value to customers through its products or services.
Artificial intelligence plays a significant role in both strategic planning and the
achievement of competitive advantage. The aim of this paper is to examine the
application of Al across various business processes and to provide an overview
of studies that identify the key drivers of AI adoption. These drivers include
sustainability, productivity, accuracy, speed, customer satisfaction, well-being,
decision-making, and cost reduction.
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INTRODUCTION

Strategic management encompasses a coordinated set of analyses,
decisions, and actions through which organizations seek to establish and
sustain a position of competitive advantage [1]. Such an advantage is
achieved when a firm consistently delivers superior value to its customers
relative to competitors. Over the past decade, the adoption of artificial
intelligence (AI) in business practice has expanded considerably, rising
from 39% of organizations in 2017 to 59% in 2020 [2]. Moreover, in
2021, Al was referenced in corporate disclosures by 46% of chief execu-
tive officers leading the 2,000 largest companies globally by market capi-
talization [3]. These developments underscore the increasing strategic
relevance of Al as a tool for both planning and competitive positioning
[4]. In this context, the present paper aims to examine the application of
AT across business functions and to synthesize existing research on the
key drivers that encourage its adoption. The primary factors underlying
AT adoption include sustainability, productivity, accuracy, operational
speed, customer satisfaction, employee well-being, decision-making, and
cost reduction.

DOI: 10.15308/Sinteza-2026-414-420


https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.15308/Sinteza-2026-414-420
https://orcid.org/0000-0002-6194-5345

The effectiveness of Al implementation depends on
its alignment with organizational objectives and opera-
tional capabilities. This requires not only a clear under-
standing of how AT can contribute to value creation, but
also a willingness to redesign existing processes and,
in some cases, rethink the underlying business model.
Only through such alignment can Al act as a true source
of differentiation and enable new strategic opportunities
[5]. Prior research suggests a structured approach to Al
investment allocation, whereby approximately 10% is
devoted to algorithm development, 20% to technologi-
cal infrastructure, and the remaining 70% to organiza-
tional transformation, including process redesign and
workforce development [6] [7].

Across organizational contexts, Al technologies
are increasingly employed to streamline operations,
enhance the quality of decision-making, strengthen
workforce engagement, and improve interactions with
customers. Consequently, firms that integrate AI into
their managerial practices are better positioned to
achieve and sustain competitive advantage. Three core
capabilities underpinning Al-enabled value creation
include the generation of insights from data, the auto-
mation of business processes, and the enhancement of
interactions with both employees and customers [8].
When implemented at the process level across multiple
functional areas, AI contributes to higher organizational
value and improved performance outcomes [9]. For in-
stance, the National Aeronautics and Space Adminis-
tration (NASA) has deployed Al-based solutions that
reduced human involvement in human resource tasks
by as much as 86% [8].

Within human resource management, Al applica-
tions have been associated with shorter hiring cycles,
more effective employee development, and increased
levels of engagement. Chatbots, in particular, are wide-
ly used to facilitate communication with employees,
customers, and suppliers. Additional use cases include
supply chain coordination, logistics optimization, and
the analysis of consumer behavior. The successful im-
plementation of Al relies heavily on the availability of
large-scale, high-quality datasets, which may be his-
torical or real-time, structured or unstructured. Key
enabling technologies include machine learning, robotic
process automation, advanced analytics, big data sys-
tems, algorithmic decision-making, and cloud comput-
ing infrastructures [10].
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2. SOURCES OF DRIVERS OF ARTIFICIAL
INTELLIGENCE ADOPTION

The diffusion of artificial intelligence and machine
learning technologies spans multiple industries, including
healthcare, tourism, transportation, and smart construc-
tion [11]. Within organizations, numerous functional
areas—such as accounting, quality management, supply
chain operations, human resources, and project man-
agement—can derive significant benefits from AI inte-
gration. The primary drivers motivating the adoption
of Al include sustainability considerations, productivity
gains, improvements in accuracy and speed, enhanced
customer satisfaction, employee well-being, more effec-
tive decision-making, and cost reduction [11] [10].

2.1.SUSTAINABILITY

Artificial intelligence contributes to organizational
sustainability by enabling firms to achieve long-term ob-
jectives while addressing environmental and resource-
related constraints. Beyond improving efficiency and
productivity, Al facilitates more sustainable operational
practices and supports cost optimization, particularly in
supply chain activities [10].

Furthermore, Al enables the emergence of inno-
vative business models aligned with circular economy
principles. Organizations increasingly operate within
interconnected ecosystems, collaborating with exter-
nal partners and leveraging platform-based approaches
to value creation. In such settings, value is generated
collectively rather than within isolated organizational
boundaries. Al plays a critical role in coordinating these
ecosystems by facilitating communication among stake-
holders, optimizing logistics, improving efficiency, and
ensuring alignment across partners. The ability to man-
age such complex and dynamic networks has become a
sustained source of competitive advantage in digitally
driven markets [12].

AT also enhances corporate social responsibility
(CSR) initiatives and supports inclusive business prac-
tices, particularly in developing economies. By process-
ing extensive datasets, Al can identify social and eco-
nomic disparities and inform targeted interventions
aimed at reducing inequality and supporting sustainable
development. This capability is particularly valuable in
addressing poverty and promoting inclusive growth
[13].
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Empirical studies further indicate that Al-enabled
CSR initiatives—especially those related to ethical, legal,
and philanthropic domains—have a positive impact on
both competitive advantage and organizational perfor-
mance. The analytical capabilities of Al allow firms to
make more informed and strategic decisions regarding
CSR investments, thereby strengthening their reputa-
tion and overall effectiveness [14].

In addition, research highlights the role of Al in
facilitating the integration of CSR into core business
activities. By supporting the standardization and im-
plementation of responsible practices, AI contributes to
improvements in diversity management, environmental
sustainability, and community engagement [15].

2.2.PRODUCTIVITY

The adoption of Al technologies is strongly associ-
ated with improvements in productivity and operational
efficiency. By embedding Al into business processes, or-
ganizations can enhance both the speed and quality of
decision-making, leading to superior performance out-
comes. In production environments, Al-driven automa-
tion contributes to substantial increases in output and
efficiency. These gains are primarily driven by improved
forecasting accuracy, the deployment of intelligent tools,
and the automation of repetitive tasks [10].

AT also supports organizations in managing data-
intensive activities, including data collection, analysis,
and problem identification. For example, natural lan-
guage processing techniques can analyze textual data
from customer feedback, analytical reports, and inter-
nal documentation to uncover emerging risks and op-
portunities. Advanced methods such as deep learning
and neural networks enable the detection of complex
patterns in financial and operational data, providing
valuable insights for risk management and opportunity
identification. As a result, strategic decision-making be-
comes increasingly grounded in data-driven evidence,
although managerial judgment continues to play an im-
portant complementary role [16].

The integration of Al is also reshaping organizational
design. Firms are required to invest in specialized talent,
develop sophisticated data infrastructures, and establish
cross-functional teams that bridge technical expertise
and strategic implementation. The most significant
productivity improvements are observed when Al is in-
tegrated across key functional domains, including mar-
keting, operations, finance, and human resource man-
agement, in alignment with strategic objectives [17].
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Importantly, the contribution of Al to strategic agil-
ity is not constrained by industry or firm size. Organiza-
tions that effectively leverage AI demonstrate enhanced
capabilities in innovation and competitive positioning.
The application of Al in strategic planning, research
and development decision-making, and scenario analy-
sis enables faster product development and more agile
responses to market dynamics. Additionally, simulation
tools allow managers to evaluate multiple potential out-
comes, thereby increasing confidence when making de-
cisions under uncertainty. Al also accelerates the execu-
tion of tasks and supports the development of strategic
initiatives [18].

2.3.ACCURACY

A key benefit of Al adoption lies in its capacity to
enhance the precision of predictions, forecasts, and
decisions. Increased accuracy contributes to improved
consistency, transparency, and reliability in organiza-
tional processes. In sectors such as healthcare, Al is ex-
pected to surpass human performance in both the speed
and accuracy of diagnostics. Similarly, in supply chain
management, machine learning algorithms can identify
patterns and detect potential risks with a high degree of
effectiveness [10].

Unlike traditional rule-based systems, machine
learning models continuously improve as they are ex-
posed to new data, without requiring explicit repro-
gramming. These models refine decision-making pro-
cesses and uncover previously hidden relationships
within data. The integration of AT and ML into decision-
support systems leads to enhanced outcomes across in-
dustries such as logistics, healthcare, and finance. Man-
agers benefit from recommendations that incorporate
multiple variables and probabilistic assessments, ena-
bling more informed decision-making. From a strate-
gic perspective, machine learning supports applications
such as financial forecasting, competitive analysis, and
dynamic pricing, all of which depend on large and com-
plex datasets characterized by uncertainty [19].

2.4.SPEED

Artificial intelligence significantly enhances the
pace of organizational decision-making by shortening
the time required to process information and act upon
it. Through the automation of routine operational ac-
tivities, Al enables organizations to reallocate human
effort toward more innovative and strategically mean-
ingful tasks. The convergence of Al with the Internet of
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Things has led to the development of intelligent supply
chains capable of autonomous functioning and predic-
tive optimization. Within these ecosystems, rapid data
transmission improves coordination and inventory con-
trol. Compared to human analysis, Al technologies—
particularly machine learning and natural language
processing—demonstrate superior capabilities in terms
of both speed and precision when processing customer-
related information [10].

Within the financial industry, Al has played a trans-
formative role by automating complex processes and en-
hancing decision support systems. Financial institutions
that integrate Al into their operations report improved
efficiency and higher-quality service delivery. The de-
ployment of machine learning models combined with
real-time processing of large-scale transactional data
reduces dependence on manual supervision. This not
only contributes to cost efficiency but also reinforces
customer confidence. Furthermore, Al strengthens in-
stitutional preparedness for regulatory and economic
shifts, thereby supporting long-term strategic resilience
[20].

The accessibility of advanced technological capa-
bilities has expanded with the adoption of Al allowing
small and medium-sized enterprises (SMEs) to utilize
tools previously reserved for large corporations. Em-
pirical evidence suggests that AT applications in areas
such as customer relationship management, financial
reporting, and forecasting enhance both the speed and
effectiveness of managerial decision-making. The abil-
ity to process data rapidly enables SMEs to adapt their
strategies in a timely manner, highlighting AT’s role in
democratizing access to strategic resources across or-
ganizations of varying sizes [21].

Predictive analytics represents a prominent applica-
tion of Al, equipping organizations with the ability to
anticipate future developments and respond proactively.
By integrating historical and real-time datasets, predic-
tive models can identify potential disruptions related to
demand, customer retention, inventory management,
and competitive pressures. Analytical approaches such
as regression modeling, decision trees, and time-series
analysis are frequently employed to uncover patterns
with greater precision than conventional statistical
techniques. Consequently, organizations are better po-
sitioned to respond swiftly to emerging trends and lever-
age insights to maintain a competitive edge [22].
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2.5.CUSTOMER SATISFACTION

Artificial intelligence contributes to improved cus-
tomer satisfaction by enabling organizations to better
interpret customer needs and tailor their offerings ac-
cordingly. Al-driven systems facilitate more eflicient,
personalized, and responsive interactions, thereby en-
hancing the overall customer experience. Chatbots, for
instance, are widely used to address routine inquiries,
reducing response times and improving service acces-
sibility. Beyond automation, AI supports customer en-
gagement strategies by increasing the perceived value of
service encounters. Through sentiment analysis powered
by machine learning and natural language processing,
organizations can extract actionable insights from cus-
tomer feedback. When effectively implemented, these
insights lead to improvements in service delivery, foster-
ing stronger engagement and higher satisfaction levels.
In retail contexts, Al is also applied to optimize product
presentation, thereby influencing both customer experi-
ence and purchasing behavior [10].

The evolution of e-commerce has been strongly
influenced by AI technologies, which have enhanced
both operational efficiency and financial performance.
Research indicates that the use of Al for personalized
recommendations, adaptive pricing strategies, and cus-
tomer segmentation leads to measurable improvements
in organizational outcomes. By leveraging Al capabili-
ties, firms can refine marketing efforts, streamline sup-
ply chain operations, and respond promptly to customer
actions, ultimately increasing revenue. Given its ability
to process and interpret large-scale consumer data, Al
represents a critical strategic asset in digital market-
places [23].

Natural language processing further extends the
scope of Al by enabling the interpretation of unstruc-
tured textual information from diverse sources, includ-
ing media reports, financial statements, social platforms,
and internal communications. This facilitates the identi-
fication of emerging risks, shifts in public sentiment, and
changes in organizational reputation. When integrated
into collaborative human-AI systems, NLP enhances
the strategic use of qualitative data. Additionally, Al-
driven dashboards can detect fluctuations in customer
sentiment or regulatory developments, enabling organi-
zations to respond in a timely and informed manner.
In this way, NLP supports more adaptive and context-
aware strategic decision-making [24].
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2.6.WELL-BEING

Employee well-being has emerged as a significant
factor influencing the adoption of Al technologies. By
reducing the burden of repetitive and routine tasks,
AT allows employees to focus on more meaningful and
creative aspects of their work. This shift not only en-
hances productivity but also contributes to improved
job satisfaction and reduced stress levels. As a result, the
promotion of employee well-being is increasingly recog-
nized as an important outcome of AI implementation.
Nevertheless, despite its potential benefits, the ethical
implications of Al—particularly regarding its impact on
human welfare—remain a critical area of concern [10].

The notion of digital leadership reflects the integra-
tion of human cognitive abilities with machine-driven
insights. Contemporary leaders are expected to rely on
data-informed decision-making, effectively manage un-
certainty, and guide teams capable of adapting to rapidly
evolving environments. The incorporation of Al into lead-
ership practices fosters a culture of experimentation and
continuous learning, both of which are essential for sus-
taining organizational relevance in dynamic contexts [25].

2.7.DECISION-MAKING

The increasing reliance on information and com-
munication technologies has led to the accumulation of
extensive datasets, making data-driven decision-making
a central feature of modern organizations. Al tools en-
hance this process by enabling the evaluation of multiple
scenarios, improving decision quality, and accelerating
the implementation of strategic initiatives [26]. By uti-
lizing historical and real-time data, AI systems support
predictive analysis, learning, and automated decision
processes across a wide range of organizational func-
tions. Areas such as supply chain coordination, credit
evaluation, and consumer analytics increasingly rely
on Al-enabled automation. These systems facilitate
both routine and complex decision-making by leverag-
ing large and continuously evolving datasets. Machine
learning techniques, in particular, enable organizations
to base decisions on empirical evidence rather than sub-
jective judgment alone [10].

The growing integration of Al into decision-making
processes raises important questions regarding the ap-
propriate level of machine autonomy. Research suggests
that while managers are generally comfortable delegat-
ing routine and data-intensive tasks to Al, they remain
reluctant to assign full decision authority in high-risk
or sensitive situations. This hesitation is largely driven
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by concerns related to trust, accountability, and the in-
terpretability of algorithmic outcomes. Consequently,
organizations must establish governance mechanisms
that clearly define the boundaries of Al autonomy and
ensure adequate human oversight [27].

Evidence indicates that the most effective decision-
making frameworks are based on collaboration between
humans and Al systems. In such models, AI enhances
cognitive processes by improving clarity, reducing bi-
ases, and facilitating the processing of complex informa-
tion. This collaborative approach allows both humans
and machines to contribute according to their respective
strengths, leading to more balanced and informed deci-
sions [28].

Further research highlights that AI tools can allevi-
ate cognitive strain and improve coordination across or-
ganizational units, enabling faster consensus-building
and more synchronized action. This capability is par-
ticularly valuable in complex and competitive environ-
ments where timely decision-making is critical. By en-
hancing both the speed and effectiveness of decisions, Al
strengthens organizational adaptability and competitive
performance [29].

Moreover, studies show that human decision-making
often relies on intuition in uncertain contexts, whereas Al
systems operate based on structured data analysis. The
integration of these approaches can lead to more robust
outcomes. Effective implementation requires the classi-
fication of decisions according to their complexity, fre-
quency, and strategic significance. Structured decisions—
such as inventory management and credit scoring—can
be fully automated, while semi-structured decisions
benefit from a combination of Al support and human
judgment. In contrast, unstructured decisions, including
mergers and rebranding, require human interpretation
due to their reliance on contextual and value-based con-
siderations. This differentiation enables organizations to
allocate decision authority effectively and maximize the
benefits of AI deployment [30].

2.8.COST REDUCTION

The reduction of operational costs represents a key
economic incentive for the adoption of AI technologies.
Performance improvements enabled by Al often trans-
late directly into cost savings, while also contributing to
enhanced process efficiency and revenue growth. These
benefits primarily arise from the automation of repeti-
tive activities, improved decision-making accuracy, and
the minimization of human error [10].
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Empirical studies suggest that AI plays a central role
in reshaping organizational processes and workflows.
Firms that implement AT across the full spectrum of
value chain activities tend to achieve superior financial
outcomes compared to those relying on traditional tech-
nologies alone. Furthermore, AI adoption strengthens
an organization’s ability to identify, exploit, and adapt
to emerging opportunities—capabilities that are funda-
mental to achieving and sustaining strategic agility [31] .

3. CONCLUSION

Artificial intelligence offers substantial capabilities
for enhancing organizational operations by enabling
task automation, improving the quality of decision-
making, and fostering greater engagement among both
employees and customers. Consequently, firms can
strengthen their competitive position by integrating AI
into their managerial practices. This paper provides an
overview of studies illustrating how organizations have
benefited from each driver of AT adoption.
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